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Mpoc enippwon TNG (1/2):

The Insider Threat

Internet & Online Social Networks

MeBodoloyia avaluvong

Social Media Intelligence

Agdopéva (EANNGSa, 2012-13)
1.075.879 xpnoteg, 41.818 fully crawled xpnoteg, 7.125.561 user connections

ZuAAeyévta dedopéva

Name, ID, personal description, URL, language, geolocation, profile state, lists,
# of following/followers, tweets, # of favorites, # of mentions, # of retweets

MéEBodoL avaAuong

padoBeswpntikn Avaiuon (Small World Phenomenon, Node Loneliness,
Indegree/Outdegree Distribution)
Avaluon Neplexopévou (Opinion Mining, Machine Learning)

Eriippon Xpnotwv katl Evtaon Xpnong (User Influence, Usage Intensity)
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Mpoc enippwon TNG (2/2):

2UMBOAR otov evtoriopo Insiders

Strongly connected components
! Cluster of users with narcissistic behavior
There exists 1 large component

(153.121 nodes connected to each I N \

]
107 {s}r

other) and several smaller ones

Node Loneliness
99% of users connected to someone

10043}

Small World phenomenon

]

- 10°{3}-

Every user lies <6 hops away from
anyone else

Indegree distribution
# of users following each user

Number ot User
=
=
T

Average 13.2 followers/user

ID'{I}:

Outdegree distribution
# of users each user follows

1040} . ol . . F " .
Average 11 followers/user 102} 10:(3) 10°(4) 10°(5) 10°(6}
Usage Intensity

Usage Intensity distribution

Weighted aggregation of {# of followers,

Theoretical basis:
(1). Narcissists tend to turn into Insiders.
mentions, favorites, lists} (2). Individuals tend to transfer offline behavior online

| # of followings, tweets, retweets,




Mpoc emippwon TNG (1/2):

EKHETAAAEVON MPOCWTILKWV SESOUEVWV

Internet & Online Social Networks

You(l)

MeBodoloyia avaiuvong

&
OSINT

OPEN SOURCE INTELLIGENCE
Agdopeva (EAGda, 11/2005 - 12/2012)

12.964 ypnoteg, 207.377 Bivteo, 2.034.362 oxoALla
Npoodopo nedio epappoyng

MOALTIKO TIEPLEXOLEVO, OTITIKOOKOUOTIKA £PEOIOUATO, OCUVALOBNUATIKA
dOPTLON, EVPELDL CUUETOXN XPNOTWV

MéEBodoL avaAluong
padoBewpntikn Avaiuon (Small World Phenomenon, Node Loneliness,
Indegree/Outdegree Distribution)
Avaluon Neplexopévou (Opinion Mining, Machine Learning)

Avaluon Négpoug Khaoswv (Tag Cloud Analysis)



Mpoc enippwon TNG (2/2):
AntokaAuvyn MOALTIKWY MENOLONCEWV

y MoAwtikn emthoyn OuSetepdTnTa -

\ METPIKEC Mn évraén

91%

93%

92%

F-Score: >toOulOpévog apuovL-
KOG Léoog Precision kat Recall.

Precision: Xprjoteg mou Kkatn- Accuracy: MNoocooto opBwv

//"/ N Y yoplormouibnkav ocwotad, Sl KatnyopLlomoloewv (mnAi-
,»;:S WWW. g Tou TMARBoUC TWV XPNOoTWV Recall: Xprjoteg mou katnyopto- kKo opBwv KatnyoplomoLln-
: < NG Katnyopiog authc. nowiBnkav cwotd Sl tou TAR- OEWV 510 TOU GUVOAOU).

=] = . Boug OAWV TwWV XPNOTWV TNG KO-

Tnyopiag autnc.



Mpoc enippwon TNG (1/2):

Evioxuon tng SNUOKPATIKNG GUHUETOXNG

Internet & Web 2.0

XpROTEC

QuoLka TPOoWTTA TIOU EMIBUHOUV VO GUUETACXOUV (amo amoéotach) oe
dnuokpatikee dtadikaoiec ) oe AAAeC Stadikaoieg Ekbpaonc YVWHNG.

Quoka mpoowTa HE ELOLKEG aVAYKES N e SuokoAia GUGCLKAG TIPOCTIEAQCNG
0€ XWPOUG Omou ekppalovtal erAoyec/amoPelg

Npoodopo nedio epappoyng
[eVIKEG/TEPLDEPELAKEG/TOTILKEC EKAOYEC,
dnuoyndiopata, SNUOCKOTACELS KATT.

Méoa/uéBodol Ekppaong yvwpng

Awadiktuo & Naykooutog lotog
Eldweég Wnorakeg Texvoloyieg



Mpoc enippwon TNG (2/2):

Wnoakn/Awadiktvakn yndodopia

Internet & Web 2.0

XpROTEC

MoAiteg, SNUOTEC, TOTUKEG KOWWVIEC, ATOMA UE ELOLKEC AVAYKEC,
gepyalOpevol, TOPAYWYOL, KATOVOAWTEG KATT.

Npoodopo nedio epappoyng
FeVIKEC/TEPLDEPELAKEC/TOTILKEG EKAOYEC, SNLOOKOTINOELC,
dSnuoyndiopata, EKppacn YVWHNG KATL.

Méoa kot pEBodol Ekppacng yvwpNG
Wnoraka Meoa/Texvoloyisgc Wnoodoplag
Wnoodopia péow Atadiktuou

ELS1KEC OUVONKEG KOl QAT OELG

Avaykn Loxupwv gyyunoswv (aodpaieta, aflomiotia KAT.)
Enidpaon «Wnodlakou Xaopatoc» (“Digital Divide”)



Mpo enippwon / (1/2):

/ anoPewv noAttwyv

Internet & Online Social Networks

n 0 [ Tuhe

MeBodoloyia avaiuvong
&
OSINT

OPEN SOURCE INTELLIGENCE

AsdopEva
AvaptnoeLg kot oxoAla moArtwv/Pndodopwv
Npoodopo nedio epappoyng

MOALTIKECG ETUAOYEG TTOALTWYV, (0V)EMBUUNTEG TIOALTIKEC ATMOPACELG,
OTITLKOAKOUOTIKA epeBiopata, Statunwon artnuatwv/anoPewyv

MéEBodoL avaAuong

Avaluon Neplexopévou (Opinion Mining, Machine Learning)
Control & Treatment Groups (testing messages to voters)
Database Querying
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“Moneyball”: Maximizing votes per $

Internet & Online Social Networks

n o You@Id vor

MeBodoloyia avaiuvong

&
OSINT

OPEN SOURCE INTELLIGENCE

Asdopéva
Arnoeic ndodopwv (HMNA, Obama-2012, Big Data in Politics, 100MS)
Npoodopo nedio epappoyng
JTOXEVUEVEC ETILAOYEG TTOALTLIKAC dpaong (ava MoAtteia, TTOAN, KOWWVLKN
opada, emayyeApatikn opnada, pulo, GuAn KA.)
Mé£BodoL avaAluong

CATALIST Database (& for-profit Venture) (2 Petabytes)
Avaluon Neplexopévou (Opinion Mining, Machine Learning)
Time/effort max Algorithms (i.e. “don’t knock on that door”)
Control & treatment Groups (testing messages to voters)
Decentralized-over-the-phone volunteers (VolP)



Wneaxka Koiveovika AikTua
v YBp131ko péoo (eAnida kai angir)
v’ «Aya Avnouyia» (Zrjua Kivouvou, A. Zapapakne)
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